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We Dived Deep into Clickbaits: You Won’t Believe what Happened Next!
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How to be happy, according to the creator of Dilbert http://wapo.st/JRjMte
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KITTEN VIDEOS ON
THE INTERNET!

Read this if you want to be happy in 2014

Already regretting those New Year's resolutions? Dilbert creator Scotft Adams has a
formula for real change.

Clickbaiting has become widespread

vide translation to Bengali

= All types of media practice clickbait.

= It has become a source of easy revenue.

“Operation: Quinceariera” is a classic Star Trek episode.

How Many Of These “Star Trek’ Episodes Have You
Seen?
You haven't lived long and prospered until you've watched these classi

icsl

Negative impact on media ecosystem

= Damages media-user relationship.

= Depletes media brand value.

Lack of research on clickbait practice
= No large scale analysis on practice of clickbait

by media organizations.

= No study to show its contribution to public

engagement on social media.
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Two categories of headlines
Clickbait

= FEek! What's Lurking in the Shadows?! I

Have to Know!

= ] Left My Daughter And THIS Happened!

Non-Clickbait

= America’s democracy has become illiberal

= Tuwitter Expands Fight Against Abuse

Goal

» Building a clickbait detection model.

= Performing large-scale study on the clickbait
practice by a range of media on social

network (Facebook).

Data Collection

Ground Truth

Media Corpus

= About 1.7 million Facebook posts.
= From 68 mainstream and 85 unreliable media.
= Considered headlines, bodies, and the statuses.

= 32,000 manually labeled news headlines. [1]

Qualitative Analysis

Quantitative Analysis

Topic Modeling

= Used Biterm Topic Modeling (BTM).

= (Clickbait headlines in print and broadcast
media  represent more  personalized,
sensationalized and entertaining topics.

= Non-clickbait headlines highlight topics of

Blue indicates clickbait articles get more attention than non-
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clickbaits, Green indicates the opposite

Media |Category | Clickbait| Non-Clickbait| Clcikbait(%)
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% of clickbait in link & video

Media | Catego Clickbait | Non-clickbait Clickbait
50Ty Status Link | Status (%)
. Broadcast 84192 176177 32.34
Mainstream ——
Print 164669 379504 30.26
Clickbait 91747 157886 36.75
Conspiracy 46851 190477 19.74
Unreliable | jupk
Science 12764 28349 31.05
Satire 7425 14453 33.94
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